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Abstract 
 
Greek economy suffers from economic crisis for over a decade. A continuing problem has been the 

persistence of a large shadow economy which results in a gap between the tax and social security 

contribution owed and collected. In this paper, the size of shadow economy (SE) in Greece is 

estimated using a flexible MIMIC approach with time series data from 2000 to 2018. Our variables 

focused on instead of in most representative data of the Greek economy as causes (e.g. 

unemployment, self–employment, epidemic etc.) and indicators (official economy, energy 

consumption, income inequality and poverty, labour force participation). We found that the average 

size of shadow economy in Greece was up to 37.63% for the reference period, above the average size 

of other studies up to 23.35%. The study focuses on the significance of each determinant of the 

shadow economy, resulting in an improved estimation method to identify and tackle shadow 

transactions and increase public revenues.  
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1. Introduction 

There are many definitions of the shadow economy (Tanzi, 2002; Boeke, 1953; Lewis, 1954; 

Smith, 1994; Kuznetsova and Kuznetsova, 2015). Most common definition (Koufopoulou et 

al., 2019) argues that the shadow economy is all market-based legal production of goods and 

services that are deliberately concealed from public authorities in order to avoid taxes and 

social security contributions, labour regulations and other administrative procedures (Chen et 

al., 2020). There are also many alternative terms used to describe this activity, including the 

informal, underground, black and non-observed economy (Koufopoulou et al., 2019).  

Medina and Schneider (2019) estimate the shadow economy in 157 countries to be an 

average 30.9% of official GDP over the period 1991 to 2017. Its highest estimates are in 

Bolivia, Georgia and Nigeria where it accounts for 62.9%, 61.7% and 56.8% of GDP 

respectively. The lowest estimates are in Austria, USA and Switzerland where it accounts for 

7.9%, 7.6% and 6.4% of GDP respectively. These illegal transactions affect the economy by 

distorting economic policies and market mechanisms via unfair firm competition (Hajilee et 

al., 2017; Schneider and Hametner, 2014; Zaman and Goschin, 2015). It also leads to income 

inequality (Kar and Saha, 2012) and results in tax evasion and corruption which reduces 

public revenues and the quality of public services (Gonzalez–Fernandez and Gonzalez–

Velasco, 2014).  

Unregistered economic activities are well established in the Greek economy and many 

methods have been used for the estimation of its size. Pavlopoulos (1987) estimated the 

shadow economy by using a discrepancy method and found that in 1984 it was 28.6% of 

GDP. Negreponti–Delivani (1991), Vavouras et al. (1990) and Tatsos et al. (2001) have used 

the Currency Demand Approach revealing the average size of the shadow economy to be 

11%, 26.6% and 30.1% over the periods 1958–1988 and 1967–1997. In addition, 

Kanellopoulos et al. (1995) estimates the shadow economy‟s size between 27.6% (1982) to 

34.6% (1988) by comparing data from the Household Budget Surveys with the private 

consumption registered in National Accounts. Besides these methods, multifunctional models 

are being used (Chen et al., 2020; Zukauskas and Schneider, 2016; Awad and Allazeh, 2020). 

The most used methods are Structural Equation Model, Error Correction MIMIC Model, 

Multiple Indicators–Multiple Causes Model and Two–Sector General Equilibrium Model. 

For the last two, the shadow economy is a latent variable (Elgin and Oztunali, 2012; Hayat 

and Rashid, 2020) based on a structural equation model construction and a macroeconomic 

model focused on shadow transactions‟ causes and consequences.  

Many methods have been therefore used for shadow economy estimation (Schneider and 

Williams, 2013; Dybka et al., 2020). Dellas et al. (2017) with Dynamic Stochastic General 

Equilibrium model counted the shadow economy as 26% of GDP over the period 2010–2015. 

One of the most credible estimation approaches is the MIMIC approach (Medina and 

Schneider, 2019; Boitano–Castro and Aranda, 2019; Dell‟ Anno et al., 2007; Kelmanson et 

al., 2019). Dell‟ Anno et al. (2007), Gauci and Rapa (2020), Schneider et al. (2010) and 

Schneider and Buehn (2012) by using this method noticed that shadow economy over the 

periods 1968–2002, 1999–2007 and 1999–2010 ranged between 26% and 28%. An 

alternative method of the MIMIC model is the DYMIMIC approach. Schneider and Savasan 

(2007) used this method and found that shadow economy in Greece was about 29.44% over 

the period 1999–2005. The present paper makes use of the above mentioned model, by taking 

into account the COVID-19 pandemic as a parameter influencing the shadow economy in 

Greece, thus aiming to contribute to the research of the field (Berdiev et al., 2020).  

Specifically, we use a flexible MIMIC model over the period 2000–2018 based on the Chen 

et al. (2020) paper, interpreting the shadow economy‟s causes and effects. This research is 
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undertaken for three reasons: first, to measure Greece‟s shadow economy as precisely as 

possible and therefore provide reliable information; second, to check and develop the causes 

of the Greek shadow economy; and third, to provide suggestions for tackling the shadow 

economy. In Section 2, detailed information is given about MIMIC model approach. In 

Section 3, shadow economy‟s causes and indicators are then analyzed. In Section 4, Greece‟s 

shadow economy is measured over the 2000–2018 period by constructing a new flexible 

MIMIC model. Finally, in Section 5 we provide discussion and some policy suggestions to 

prevent and tackle the shadow economy, based on its instead of its determinants.  

 

2. MIMIC model approach for the shadow economy estimation.  

The model of multiple indicators - multiple causes comes from factor analysis of Zellner 

(1970), Joreskog and Goldberger (1975), Frey and Weck (1983, 1984) with further additions 

(Aigner et al., 1988; Giles, 1999; Giles et al., 1999). It is a Structural Equation Model 

(Mueller, 1996) based on the statistical theory of unobserved variables, using an analytical 

factor to estimate the shadow economy as an unobserved variable (Rocque et al., 2019). It 

takes into account the determinants divided into causes and indicators (Medina and 

Schneider, 2019). 

 

Figure 1. 

“Shadow Economy depiction with MIMIC Model” 

 

   Source: Own remarks, from Buehn and Schneider (2013).  

  

Based on the statistical idea of a sample frame of variation of the observed variables, it 

includes a parametric structure through one hypothetical model. Unobserved and observed 

variables are linked to a measurement model, utilizing variation information between 

observed variables. Estimation of parameters with coefficients and variations and the 

evaluation of the application of the model is done by using a confirming factor. Shadow 

activities analysis begins by estimating the relationship between variables with indicators and 

causes and the identification of theory data or hypotheses. It contains a Structural Equation 

and a measurement model (Schneider, 2018). In the Structural Equation Model the 

unobserved variable ηt, results from a set of exogenous causes x't = (x1, x2,… .., xqt) 'which can 

be useful in predicting its mobility and size, and are subject to structural disturbance error 

term ςt. The structural equation is expressed as follows: 

                    (1) 
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where γ‟ is a q vector sequence of structural parameters. Additionally, in measurement model 

the latent variable ηt, identifies a p vector y't = (y1t, y2,…., yp) 'of the indices, reflecting 

observed variables, which are subject to a p vector of random error terms ε't = (ε1, ε2,… .., εpt) 

'. Thus, unobserved variable η, is a scale and λ is a vector p column of the parameters that 

correlate yt and ηt. Measurement equation is as follows: 

                          (2) 

Substituting equation (1) to equation (2) yields a reduced form of equation expressing the 

relation between observed causes and indices, between xo and yo, as shown in equation (3): 

                                                         (3) 

where Π = λy‟ is a reduced form correlation coefficient and zo = λςo + εo is a vector of a linear 

transformation form of a disorder having a reduced form coefficient frame Ω given as: 

            (4) 

where ψ = Var (ςο) and Θε = Ε (εoεo’) are the coefficient of variation of the measurement 

error. In essence, it uses data sample correlation information to derive estimates of population 

parameters. Zero the distance between an observed (sample) covariance table and the 

covariance table predicted by the model that the researcher imposes on the data. A structural 

element of this approach is that the correlation table of the observed variables is a function of 

the model parameters: 

                                              (5) 

where Σ is the population of the covariance table of the observed variables, θ is a vector 

containing the parameters of the model and Σ(θ) is the covariance table as a function of θ, 

implying that each element of the covariance table is a function of one or most parameters of 

the model. If the hypothetical model is correct and the parameters are known, the population 

of the correlation table will be accurately reproduced, and, Σ will be equal to Σ(θ). Population 

fluctuations and covariates or parameters are unknown, but the sample estimates of the 

unknown estimation parameters are used (Bollen, 1989). 

Davidescu and Scheider (2019) argue that the shadow economy is caused by unemployment, 

quality of regulation, self-employment and indirect taxation, and its size in Romania equal to 

27.8% of official GDP. Boitano-Castro and Aranda (2019) estimated the shadow economy in 

Latin America as around 34%, while in OECD countries it is around 19.83%. Furthermore, 

Chen et al. (2020) showed that the shadow economy in 30 Chinese provinces ranged from 

13.55% (1995) to 14.39% (2009) and then declined to 12.3% in 2016, over the period 1985-

2016. Also, Angour and Nmili (2019) estimated the shadow economy as 38.74% of GDP in 

Morocco for the period 1985-2016. 

The shadow economy is estimated only at relative values, while measurement errors occur 

due to the use of certain ad hoc econometric specifications (Hassan and Schneider, 2016). 

Since there are no conclusions at microeconomic level, a huge data set is used to fulfill the 

state of stagnation and regularity. A subjective selection of variables is also developed where 

some indicators such as unemployment are used alternately as causes or as indicators 

(Fedajev and Arsic, 2017). These models ensure formal evaluation and testing procedures, 

such as those with the least probability method, mostly known and applicable to large sample 

(Giles and Tedds, 2002). In addition, the formulated hypotheses are unlimited (Cassar, 2001) 

for the application of selected variables (Thomas, 1992). It prevailed over other estimation 

methods (Schneider and Enste, 2000) due to its flexibility. However, there have been 
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criticisms of the application of the model, the sample, the reliability of the estimates 

(Schneider, 2018) and the conceptual definition of the shadow economy (Helberger and 

Knepel, 1988; Dell‟ Anno, 2003). Structural Equation Model estimations lead to unstable 

coefficients which are minimized by increasing the sample and alternative model 

specifications (Helberger and Knepel, 1988). Time series data is an issue as only simple 

analytical tools are available to analyze the properties of the balance (Dell ‟Anno, 2003). 

 

3. Determinants 

3.1.1. Tax and social security burden. 

Over–taxation and social security contributions (Manolas et al., 2013a) create complex tax 

systems (Schneider and Neck, 1993) and facilitate individuals‟ participation in illegal 

activities (Koyuncu and Unal, 2019). In essence, individuals and legal entities evade taxes, 

aiming at higher profits and firms at labor cost reduction (Buehn and Schneider, 2013) by 

depriving employees of basic rights (FEIR, 2012). Indicative, global labor cost index in 2020 

ranged from 96.4 in Japan to 1.225 in New Zealand, while Greece counted to 112.5. Medium 

incomes are burdened by reducing competitiveness and incentives for formal employment of 

skilled workers (Pissarides et al., 2020). This raised shadow economy from 35% up to 42% 

(Schneider and Williams, 2013). Regarding the extent of tax and social security burden, we 

use real tax revenue as a percentage of real GDP and hypothesize that:   

Hypothesis 1: The larger the tax and social security burdens, the larger shadow economy.  

3.1.2. Quality of institutions and corruption.  

Institutions include formal rules and unwritten laws shaping human behavior (North, 1991), 

based on trust assuring good governance (European Commission, 2001; Canh et al., 2021). 

With high bureaucracy and selective regulation application (Buehn and Schneider, 2013) 

their quality is at stake (Medina and Schneider, 2018). In the meantime, proper law 

implementation assures less corruption and lower shadow economy (Medina and Schneider, 

2017) promotes healthy entrepreneurship and clearly growth (Berdiev and Saunoris, 2020; 

Owusu-Nantwi and Owusu-Nantwi, 2021). This affects the shadow economy from 10% to 

17% (Schneider and Williams, 2013). Focusing on the quality of institutions effectiveness 

and corruption relationship, we use 4 of 6 of the World Governance Indicators (voice and 

accountability, political stability and absence of violence/terrorism, government 

effectiveness, control of corruption) and hypothesize that:  

Hypothesis 2: The higher the degree of corruption, the lower is the institutional quality 

which means a larger shadow economy size.  

3.1.3. Regulations.  

The regulatory framework consists of a set of rules and decisions shaping society‟s function. 

Its implementation is delayed (Johnson et al., 1998) when corruption increases (Friedman et 

al., 2000; Mazhar, 2015) with a larger share of GDP absorbed by the shadow economy 

(Schneider, 2018). However, there is a possibility that excessive regulation can increase labor 

costs by facilitating shadow work (Hassan, 2011). That is why perhaps the cost of starting a 

business exceeds tax and social security burden, being the initial step of their official 

operation. Extent of regulatory framework in a country, interprets shadow economic activities 

size (Russo, 2018) estimating them from 7% and 15.88% (Schneider and Williams, 2013; 

Schneider, 2000). Willing to locate the degree of the effect of the regulatory framework to the 

shadow economy, we use 2 of 6 of the World Governance Indicators (regulatory quality, rule 

of law) and hypothesize that:  
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Hypothesis 3: Many regulations are associated with a larger shadow economy. 

Hypothesis 4: Lower degree of regulations increases shadow economy.  

3.1.4. Public services.  

Public services affect shadow economy size mostly through tax administration function and 

business organization, with tax evasion reduction. Tax collection power determines 

identification and imposition of offenders‟ sanctions and fines (Manolas et al., 2013a) with 

multiplied tax rates on it by shadow economy (Schneider, 2010). Johnson et al. (1998) found 

increased corruption and shadow economy in Latin America as in former Soviet Union 

countries, characterized by fiscal instability and weak rule of law. Countries under fiscal 

surveillance, is appropriate to public sector size elimination (Giles, 1998) in order to reduce 

public spending. A recent study proved that Greece (Gwartney et al., 2020) is one of the 15 

countries with the largest state mechanism size. Contributes to shadow economy size from 

5% to 9% (Schneider, 2009). In order to ascertain the extent of public services to shadow 

economy in Greece, we use government spending as a percentage to GDP hypothesized that:  

Hypothesis 5: An excellent public services organization eliminates shadow economy size.  

3.1.5. Tax morale.  

One of the most decisive shadow economy factors is tax morale (Schneider, 2019) measuring 

taxpayer‟s attitude towards their tax obligations (Torgler, 2012) related to social development 

(Manolas et al., 2013b). This captures a social contract between citizens and state based on 

high tax compliance (Torgler, 2007). It is due to demographic (Bunescu and Comaniciu, 

2011) and additional costs with lost reputation (Schneider, 2018). Slippery slope approach 

explains tax morale focusing on competitive or cooperative relation of taxpayers and state, 

within the context of mandatory or voluntary compliance (Kastlunger et al., 2013). 

Taxpayer‟s costs and benefits determine the paid amounts, through their marginal tax rate and 

income (Allingham and Sandmo, 1972). Offenders‟ detection is increased by controls and 

fines‟ imposition via determination of non – compliance cost. Additionally, is achieved by 

estimating tax gap between the tax capacity and the actual tax revenue (Castro and Ramirez, 

2014). In US economy is estimated up to €285 billion, because of the strong tax collection 

mechanism (Toder, 2007). In Greece reached €19.9 billion (Murphy, 2019) confirming tax 

morale low level, strong family ties and low trust level (Mare et al., 2020). It is calculated 

with voluntary compliance level by recording the percentage of tax that is voluntarily paid to 

the amount of tax that had to be declared, where the latter is equal to declared plus the 

additional tax, in a scale between 0 and 100 (Kanellopoulos, 2002). Even though public 

revenue strengthened by Single Property Tax in Greece, it still remains lower than Eurozone 

average, due to the complicated legislation and the lack of taxpayer‟s trust to the tax 

administration (Pissarides et al., 2020). It contributes to shadow economy from 22% to 25%, 

and it is classified second after tax and insurance burden (Schneider, 2009). Therefore, in 

order to count for tax morale‟s significance in shadow economy size we use total tax revenue 

as a percentage of real GDP hypothesized that:  

Hypothesis 6: Tax morale‟s higher rate assures higher degree of tax compliance and lower 

shadow economy size.  

3.1.6. Deterrence 

 Deterrence refers to people who satisfy their desires and take into account subjective motives 

(Pedersen, 2003), costs and benefits by seeking to maximize their usefulness (Paternoster, 

2010). Taxpayers are prevented from participating in shadow economy when they are afraid 

of being identified (Pedersen, 2003). This is due to different fines and sanctions depending on 
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crime‟s seriousness and the actual offender's income or ignorance audits‟ frequency, by tax 

authorities. Fines and sanctions have negative impact on shadow economy as the risk of 

identifying offenders is subjective. Shadow economy (based on Granger's causality test) 

affects deterrence approach more than the other way around (Granger, 1969; Schneider, 

2018). Thus, trying to identify the significance of deterrence approach on shadow economy 

we use tax revenue (current LCU) in billion euros and hypothesize that:  

Hypothesis 7: Highest deterrence measures causes highest level of shadow economy.  

Hypothesis 8: Lower deterrence measures facilitates shadow economy expansion.  

3.1.7. Self – employment 

Self - employment favors shadow transactions occurrence including voluntary characteristics 

in contrast to paid employment with dependency (Bosch and Maloney, 2010). It is difficult 

for employees to hide their income, as happens with self - employed (Medina and Schneider, 

2018). This is inextricably linked to shadow work in a family business with direct production 

control and taxpayers‟ remuneration (FEIR, 2012). In Southern Europe, survival is the main 

concern of self - employed low-income, while better paid Scandinavians have the willingness 

to participate (Williams et al., 2012). However, willing to estimate the degree of self–

employment in shadow transactions we use it as a percentage of the total employment and 

hypothesize that:  

Hypothesis 9: Higher self–employment percentage means shadow economy expansion.  

3.1.8. Unemployment 

Unemployment reflects economic recession and labor market rigidity, with shadow 

workforce (Pavlopoulos, 1987) and has a strong causal relationship with shadow economy 

(Dobre et al., 2010). The shadow economy, affects formal economy positively as 2/3 of its 

income is spent on formal transactions (Schneider and AT Kearney, 2013, Nguyen et al., 

2020). Dobre and Alexandru (2009) studied unemployment effect on Spanish shadow 

economy through a structural equation model. Ranged from 18% to 22% of GDP, with 

individuals having privileges but lack of public tax revenues. Intending to evaluate 

unemployment‟s contribution to shadow economy‟s size we use the percentage of 

unemployment in the total labor participation and hypothesize that:  

Hypothesis 10: Highest unemployment level means higher shadow economy size.  

3.1.9. Agricultural sector 

Rural societies have abysmal resistance to shadow trade (Conroy, 2013) with increased 

employment (Angel–Urdinola and Tanabe, 2012) as a result of the industrial pressures for 

reduced cost (Williams, 2018). The higher is the share of agricultural sector in GDP 

(Schneider et al., 2021), the more likely is for someone to participate in shadow economy 

(Vuletin, 2008) as in Jamaica where 45% of agricultural activity is conducted illegal 

(Wedderburn et al., 2012). Regarding agricultural sector affection in Greece, we use 

agricultural employment as a percentage of the total employment and hypothesize that:  

Hypothesis 11: Higher level of agricultural employment means higher shadow economy size.  

3.1.10. Cash use 

Extensively use of cash, especially outside of banks, consists an indicator of high shadow 

economy, although many shadow transactions take place inside the formal sector (Medina 

and Schneider, 2018; Chan et al., 2021; Marmora and Brenden, 2021). A remarkable study of 

Esselink and Hernandez (2017) focused on the use of cash in EU. They found that Greece, 
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Cyprus and Malta (72%-75%), Lithuania, Slovakia, Austria, Spain, Italy and Slovenia lead in 

cash transactions (62%-68%). Cards and other means of payment by consumers in 2016 were 

used by 45%-54% less in Netherlands, Estonia and Finland. Since, most of transactions in 

shadow economy are payed with cash we use a number of cards with a cash function–issued 

by resident PSPs and hypothesize that:  

Hypothesis 12: Highest cash use, means increased card use and higher shadow economy 

size.  

3.1.11. Migration 

Migration affects shadow economy (Kasimati and Panagiotopoulou, 2018). In a European 

Commission study was found that it is a positive effect on destination country's GDP by 

0.1%-0.2% yearly, however the real wage was reduced by 0.1% due to the lower wages of 

immigrants compared to locals. It is sufficient that migration improves native‟s skills, 

immigrants‟ business activity and their homeland economic growth (European Commission, 

2016). For example, economic growth in Ethiopia ranged between 8.8% 12.4% (Foged and 

Peri, 2016) and in Greece, social security system has changed (BoG, 2016). Regarding 

shadow economy size we use data about inflows of asylum seekers by nationality and 

hypothesize that:  

Hypothesis 13: Highest migration level, without regulations, increase shadow economy.  

3.1.12. Education 

Education and shadow economy are interconnected (Ela, 2013; Buehn and Farzanegan, 2013) 

emphasizing on overall attitude towards life and knowledge acquisition. Children‟s 

inadequate education motivates them to engage in shadow and criminal activities (Guloglu et 

al., 2003). Unfortunately, education stimulates shadow economy with increased opportunity 

costs (Gerxhani and Van de Werthorstm, 2013). According to Stefoni and Draghia (2020) 

education and government efficiency have direct impact on shadow economy, since the 

higher level of education obstruct people from acting informally. It has been noticed that 

shadow economy has estimated with higher rates in countries where the implemented general 

educational programs were based on the educational system. Private is superior to public 

sector in specialized staff and vocational education contributes negatively to students‟ 

shadow employment (Keneck–Massil and Noah, 2019). Public education expenditures and 

higher education policies have negative impact on shadow economy (Berritella, 2015) but 

sometimes not spreading the phenomenon (Kodila–Tedika and Mutascu, 2014). We use data 

from Gross Domestic Spending on research and development as a percentage of GDP and 

hypothesize that: 

Hypothesis 14: Lower educational level fuels shadow economy due to weak political 

institutions.  

3.1.13. Social transfers.  

Benefits (pensions, unemployment benefits, etc.) although stimulate consumption in formal 

economy, give to participants a strong incentive to enter in shadow activities (Bajada and 

Scheinder, 2009; Kemal, 2007; Schneider, 2000; Ulus, 2002; Almenar et al., 2020). 

Unemployed persons are vulnerable having low incomes, based on tax returns and accept to 

participate in shadow actions deprived of labor rights (lower, tax-free and uninsured 

remuneration) (Palaiologos and Kassar, 2003). They contribute to shadow economy from 5% 

to 9% (Schneider, 2009). In an era of pandemic crisis we would like to examine the relation 

between social transfers and shadow economy so we use data about family benefits as a 

percentage of GDP and hypothesize that:  
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Hypothesis 15: Increased allowance of family benefits means shadow economy highest size.  

3.1.14. Epidemic.  

Shadow sector workers (ILO, 2020) have been greatly affected by the COVID - 19 pandemic. 

Developing world has shadow economic activities up to 80% of the population (Narula, 

2020) redefining goods and services demand (Bracci et al., 2020). Berdiev et al. (2020) found 

that a 10% increase in epidemic intensity leads to a 2.1% increase in the shadow economy. 

One of the sectors absorbing vibrations is health care with increased out of pocket healthcare 

expenditures, as it happens in Greece (Kousi et al., 2021; Mariolis et al., 2021; Peppou et al., 

2020; Giannopoulou and Tsobanoglou, 2020). Based on this phenomenon, we use data of out 

of pocket expenditure as a percentage of current health expenditure and hypothesize that:  

Hypothesis 16: Highest health out of pocket payments, highest likelihood for shadow 

economy.  

Table 1: Shadow economy variables and effect to the official economy 

Variables  Effect  Variables  Effect  

Tax and social security burden + Unemployment + 

Quality of institutions  

and corruption 
+ Agricultural sector + 

Regulation + Cash use +/- 

Public services + Migration +/- 

Tax morale - Education - 

Deterrence +/- Social transfers + 

Self – employment + Epidemic + 
Source: Own remarks, based on Chen et al. (2020).  

Note: “+” means the variable has positive effect on the shadow economy, “-” means the variable 

has negative effects on the shadow economy and “+/-” means that is still unclear the effects of these 

variables to shadow economy.  

 

3.2. Indicators of shadow economy 

3.2.1. Official economy 

 Basic means of capturing the economy‟s function is GDP (Easton and Veldhuis, 2001). 

There exists a positive correlation between the formal and the shadow GDP (Dell ‟Anno, 

2008; Afonso et al., 2020; Mansour and Zaki, 2020; Yuvali and Yildiz–Contuk, 2020) and 

the shadow economy enhances growth otherwise it is restricted (Feld and Schneider, 2010). It 

demolishes statistics reliability (Negreponti-Delivani, 1991) and causes national economy 

uncertainty, us false data were used on Greece's EMU entrance (Vavouras and Manolas, 

1999). Business activity is paused as monetary policy is limited to deal with changes in the 

business cycle (Pavlopoulos, 2002) with financial system malfunctions (Tatsos et al., 2001), 

secret transactions, precarious operation of capital markets and credit restriction (Danopoulos 

and Znidaric, 2007). Another case is the total debt effect on it. Berger et al. (2014) argued 

that formal economy‟s total debt in Greece feeds shadow economy, which increased since the 

country entered EMU positively related to debt-to-GDP ratio stabilizing economy. Moreover, 

banking system has a positive affect to shadow economy (Lui–Evans and Mitra, 2019; 

Affandi and Malik 2020), high lending rates (Patrick and Akanbi, 2017), flexible working, 

shadow work and unemployment (Tatsos et al., 2001). Evasion of social security 

contributions has a negative effect in flexible labor market prolonging working life and 

reducing benefits in social security system (Petrakis, 2012). Seeking to explore the reaction 
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of official and shadow economy we use data, as a percentage of Gross Domestic Product and 

hypothesize:  

Hypothesis 17: Better regulated official economy assures lower size of public debt, better 

economic development and lower shadow economy size.  

3.2.2. Energy consumption.  

Energy consumption is a shadow economy indicator (Schneider and Buehn, 2018; Schneider 

and Enste, 2000, Wiseman, 2013; Suslov and Ageeva, 2009). Energy sum of formal and 

shadow sector consumption, and energy consumption output is defined for a specific period 

when productivity is stagnant, so an increase in shadow economy size will expand energy 

consumption (Novkovska and Novkovski, 2018). Hence, we use the growth rate of total 

energy consumption as a proxy for energy consumption. Since Greece is energy node we use 

data about total energy consumption, as ktep via Interactive chart and hypothesize that:  

Hypothesis 18: Higher energy consumption growth means an increased shadow economy 

size.  

3.2.3. Income inequality and poverty.  

Income inequality and poverty are shadow activities culmination for vulnerable groups such 

as flexibly employed, sick, large and single-parent households, minor children 

(Kanellopoulos, 2015). Low income pushes people to act informally (Ocran, 2018; Alanon 

and Gomez-Antonio, 2005) and living in absolute or relative poverty. Absolute means lack of 

basic means of subsistence (Mitrakos and Tsakloglou, 2012) while relative one focuses on 

household living with an income below 60% of the average European income (Matsaganis 

and Leventi, 2011). In Greece, due to high tax burdens and social security contributions 

insurance (Vassiliades et al., 2018) relative poverty reached up to 25.5% in years 2009-2010 

(Mitrakos, 2014). Subsequently, increase in the average income widens wage gap between 

men and women by 13% (OECD, 2020; Avraam and Popova, 2020). Elgin and Elveren 

(2019) besides positive they argued for a negative one between poorer and lower income 

countries with higher participation of women in employment. Income inequality promotes 

shadow economy but at the same time its expansion contributes to income inequality 

(Berdiev and Saunoris, 2019) being the culmination for poverty spread in developing and 

transition countries (Elijah and Uffort, 2007). Shadow economy is a mechanism against 

poverty with produced income to occupy a small part of family income, as demonstrated by 

Nguyen et al. (2013). They found that in Vietnam 1/3 of the respondents were poor without 

additional income from shadow activities while 10.34% of them are poor even though they 

have shadow income. Undoubtedly, the Greek economy is affected by poverty and shadow 

economy as a result of the economic crisis worsening income distribution (Gasteratos et al., 

2016) and that‟s why we use data about income inequality via Gini Index and hypothesize 

that:   

Hypothesis 19: Higher income inequality level causes higher poverty level and highest 

shadow economy size. 

3.2.4. Labor force participation.  

Low labor force participation rate means high shadow economy (Medina and Schneider, 

2018). Labor market is inelastic, so those with minimal employment opportunities in the 

formal labor market are entering to shadow economy evading taxes and social contributions. 

According to Arsic et al. (2015) Serbian unemployment in 2015 rise up to 26.1% with similar 

rates in Spain, Italy, Republic of Northern Macedonia and Greece. In Greek case over the 

period 2000-2018 unemployment rate was 15.86%. In our paper we use data about labor 
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participation rate, as a percentage from the ratio of people participating in the economy 

divided by the number of people of working age and hypothesize that:  

Hypothesis 20: Lower labor force participation rate is caused by high shadow economy size. 

Table 2: Shadow economy indicators and effect to the official economy 

Variables  Effect  Variables  Effect  

Official economy  +/- 
Income inequality  

and poverty 
+ 

Energy consumption  + Labour force participation - 
Source: Own remarks, based on Chen et al. (2020).  

Note: “+” means the variable has positive effect on the shadow economy, “-” means the variable 

has negative effects on the shadow economy and “+/-” means that is still unclear the effects of 

these variables to shadow economy. 

 

4. The MIMIC Analysis of the shadow economy in Greece.  

4.1. Variables and data.  

According to the theoretical analysis of causes and indicators of the shadow economy, 14 

causes and 4 indicators are considered in this paper, and all variables and their expected signs 

are presented in Figure 2.  

 

Figure 2: Flexible multiple indicators and multiple causes (MIMIC) model 

for shadow economy in Greece.  

 

 

Since we check out the stationarity of all variables we use Equation (1) to put all variables to 

series with an expected mean value of 0 in order to meet the requirements of MIMIC 

analysis.   
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                                (1) 

when,  

j, represents Greece  

i, represents 18 variables  

t, represents the year base (2004).  

4.2. Empirical results of MIMIC analysis on the Greek shadow economy.  

We apply SPSS Amos 23 about MIMIC analysis of Greece‟s shadow economy and best 

estimations are presented in Table 3. Furthermore, we report five MIMIC estimation models 

in Table 3, Model 1 is the baseline model, and the coefficients of most variables have the 

theoretical expected signs although their fitness is not good, except for the variable of energy 

consumption (ENER). For the indicator variable of TBURD, we confirm its significant 

positive effect on shadow economy size. Also, in Models 2, 3 and 4zze, the positive affection 

of ENER to shadow economy closely to SOTRA contribution with growing significance of 

SELF and TBURD.  

According to the fit indices of these MIMIC estimation models, there is no doubt that model 

5 is the best one; however, χ
2 

 should be used carefully because it only works for large 

samples and multinomial distributions, and RMSEA is a more reliable fit index (Dell‟ Anno 

and Mourao, 2012; Dell‟ Anno and Dollery, 2014). With respect to calculating the size of the 

shadow economy in Greece; we use model 5, which has the best fitness, to construct the 

shadow economy index. Equation (2) represents the estimation model of shadow economy in 

Greece for the period 2000-2018.  

SE = -0.064*TBURD – 0.093*QUIC + 0.000*REG + 0.093*PSERV + 0.942*SELF - 

0.032*UNEMP - 0.325*EMPA + 0.647*SOTRA                                                                    (2) 
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Table 3. “MIMIC Model shadow economy estimation results for Greece” 

Variables  Model 1 Model 2 Model 3 Model 4 Model 5 

Causal variables  

TBURD 
0.543 

(***) 

0.367 

(***) 

0.605 

(***) 

0.575 

(***) 
-0.064 

(0.002) 

QUIC 
-0.041 

(***) 

-0.057 

(***) 

-0.050 

(***) 

-0.053 

(***) 
-0.093 

(***) 

REG 
-0.063 

(***) 

-0.040 

(***) 

-0.075 

(***) 

-0.070 

(***) 
0.000 

(0.569) 

PSERV     
0.093 

(0.038) 

TMOR 
-0.872 

(***) 

-0.522 

(***) 

-0.991 

(***) 

-0.996 

(***) 
 

DETT 
0.000 

(***) 

0.000 

(***) 

0.000 

(***) 

0.000 

(***) 
0.000 

(***) 

SELF 
0.412 

(***) 

0.466 

(***) 

0.702 

(***) 

0.696 

(***) 
0.942 

(***) 

UNEMP 
-0.055 

(***) 

-0.061 

(***) 

-0.052 

(***) 

-0.042 

(***) 
-0.032 

(***) 

EMPA  
-0.126 

(***) 

-0.296 

(***) 

-0.184 

(***) 

-0.176 

(***) 
-0.325 

(***) 

CASH  
0.000 

(***) 

0.000 

(***) 

0.000 

(***) 

0.000 

(***) 
0.000 

(***) 

MIGR 
0.000 

(0.144) 

0.000 

(0.263) 

0.000 

(0.027) 
  

EDU 
-2.517 

(***) 

-4.181 

(***) 
   

SOTRA  
0.854 

(***) 

0.434 

(***) 

0.383 

(***) 
0.647 

(***) 

EPID 
0.027 

(0.035) 
    

Indicators  

OFF 
-5.798 

(0.211) 

-5.798 

(***) 

-5.798 

(0.139) 

-5.798 

(0.143) 
-5.798 

(0.263) 

ENER  
0.894 

(***) 

0.894 

(0.282) 

0.894 

(***) 

0.894 

(***) 
0.894 

(***) 

INEUR 
-0.034 

(0.511) 

-0.034 

(0.571) 

-0.034 

(0.436) 

-0.034 

(0.441) 
-0.034 

(0.556) 

LPR 
0.165 

(***) 

0.165 

(***) 

0.165 

(***) 

0.165 

(***) 
0.165 

(***) 

Fit indices  

χ
2
 791.544 804.974 720.760 611.801 579.140 

(p) 0.000 0.000 0.000 0.000 0.000 

RMSEA 0.558 0.563 0.571 0.564 0.164 

CFI 0.139 0.141 0.148 0.172 0.546 
Note: The multiple indicators and multiple causes (MIMIC) estimation in Greece was made using SPSS Amos 23.0 and model 5 in 

the final model used to estimate the size of the shadow economy in Greece. The coefficient of variables, degree of significance and 

Z-statistics are reported in the table, and *, ** and *** denote significance at 1%, 5% and 10% significance levels. For the fit 

indices, the model is acceptable when p is higher than 0.05, the root mean square error of approximation (RMSEA) is smaller than 

0.2, the comparative fit index (CFI) is higher than 0.5. 
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4.3. The size of the shadow economy in Greece.  

 We need two steps to calculate the size of the shadow economy using the MIMIC model: 

first, obtain a shadow economy index by using Equation (2); second, calibrate the size of the 

shadow economy using a specific value obtained from other methods or other‟s research. In 

our paper we use the latest estimation result on the size of Greece‟s shadow economy in 

2004, from Schneider (2015), to make the calibration. Furthermore, equation (3) will be used 

to undertake the calibration:  

                              (3) 

In Equation (3), SEi,t is the size of shadow economy in Greece i in year t, ηt is the value of 

shadow economy index in Greece i in year t, η
*
2004 is the average value of the shadow 

economy index in Greece in 2004, and SE
*

2004 is the size of Greece‟s whole shadow economy 

in 2004 as estimated by Schneider (2015); its value is 28.1%. Taking into account all 

determinants in model 5 as causes, we can estimate the size of the shadow economy in 

Greece presented in Table 4. A general remark is that shadow economy in Greece for all 

period of 2000-2018 is over 37.63%, above all official estimations due to shadow economy 

underestimation since there is no strict registration of shadow economic activities by official 

authorities. Two years before Greece entered in EMU (2000–2001) shadow economy was 

38.46%. Also, the period 2002–2003, just before the Olympic Games showed that shadow 

economy was around 38.99% and reached at the highest level, of the survey period, in 2004 

gathering 39.54% of GDP. It means that the real size of shadow economy is higher due to 

false registration of economic activities in public authorities along leading Greece‟s EMU 

entrance. The next fourteen years (2005–2018) shadow economy is estimated around 37.11%, 

with slow decreasing tense and an exception in 2009 showing 39.12%. The last year of 

surveyed period in 2018 shadow economy size in Greece was 34.74% of GDP.   

Table 4. 

“Size of shadow economy in Greece using flexible MIMIC model” 

Year  
% of 

GDP 
Year  

% of 

GDP 

2000 38.55 2010 38.15 

2001 38.38 2011 37.3 

2002 38.87 2012 37.29 

2003 39.11 2013 36.18 

2004 39.54 2014 35.85 

2005 39.4 2015 35.62 

2006 39 2016 35.26 

2007 38.67 2017 35.23 

2008 38.68 
2018 34.74 2009 39.12 

Note: This result is calculated using the MIMIC model 5, and is represented by the percentage of shadow economy to GDP. 

The values in the table are the average size of shadow economy for the period 2000-2018.  

 

Furthermore, we attempt to forecast shadow economy size (Kdiladze and Metrevelli, 2016) in 

Greece from 2019 to 2028. We use a time-series forecasting model (Stock, 2001a, b) showed 

by equation (4):  
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                (4) 

Where yt, denotes shadow economy variable to be forecast, t denotes the present year 2021, h 

is about the forecast horizon from 2019 until 2028, Xt denotes the variables are used in 2021 

to make the forecast, θ is a vector of parameters of the function g and εt+h refers to the 

forecast error. Usually, the variables in Xt include current and large values of yt . It is 

appropriate to define the forecast error in equation (4) such that it has conditional mean zero, 

which is: 

   

  

Thus given the predictor variables Xt, under mean squared error loss the optimal forecast of 

yt+h is its conditional mean, g(Xt, θ). So, this forecast model is infeasible, since neither g and 

θ are known. The task of the time-series forecast model of shadow economy is to select the 

predictors Xt to approximate g, and to estimate θ in a way that the resulting forecasts are 

reliable and have mean-squared forecast errors as close as possible to that of the optimal 

infeasible forecast.  

Our shadow economy forecasting model is multivariate time-series model (Stock, 2001a, b) 

when Xt includes multiple time-series that usefully contribute to forecasting yt+h. We chose 

this model type, due to empirical experience and by theory, eg shadow economy theory is 

based in multiple causes of its existence. The multivariate extension of the univariate 

autoregression is the vector autoregression (VAR), in which a vector of time-series variables, 

Yt+1, is presented as a linear function of Yt,…, Yt-p+1, perhaps with deterministic terms (an 

intercept or trends). Also, our model contains a large number of unknown parameters, a 

problem which is grandly exacerbated when nonlinearities are introduced. Conceptually, the 

extension of univariate nonlinear models to the multivariate setting is straight-forward. In 

practice, however, because of the relatively small number of time-series observations 

available to economic forecasters, it is unclear how best to implement nonlinear multivariate 

models and there are currently no definite conclusions in this area. By 2028, the average size 

of shadow economy in Greece will be 33.04%, instead of 34.74% in 2018 (Table 5). 

 

Table 5. “Shadow economy size in Greece based on forecasting model, 2019-2028” 

Year % of GDP 

2019 34.66 

2020 34.37 

2021 34.09 

2022 33.81 

2023 33.54 

2024 33.26 

2025 32.99 

2026 32.72 

2027 32.45 

2028 32.18 
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5. Discussion & Conclusions.  

Shadow economic activities attract scientific interest for almost seven decades (Koufopoulou 

et al., 2019). Regarding Greek economy‟s particularity with many structural problems 

(Katsikas and Bazoti, 2021) it was the trigger for the shadow economy study (Pavlopoulos, 

1987; Schneider, 2019). Its size is estimated via direct and indirect methods (Schneider, 

2019; Dell‟ Anno et al., 2007). Scholars, latest years, mostly used flexible multifunctional 

models by taking into account more than one cause regarding shadow economy as a latent 

variable (Rocque et al., 2019) instead of direct methods that use one cause (Schneider, 2019).  

We chose MIMIC model because its flexible, containing causes and indicators (Schneider, 

2015) of Greek economy‟s situation over the period 2000-2018. Its determinants focused on 

domestic problems (tax and social security burden, corruption and institutional quality, 

regulations, official economy, income inequality and poverty, self-employment etc) as well as 

data about epidemic crisis. The results show an average size around 37.63% ranging from 

38.55% in 2000 to 34.74% in 2018, reflecting a false data that official estimations has taken 

into account the previous years. According to our forecasting model, shadow economy size 

on average rises up to 33.04%. This is much higher than average size of 23.35% in other 

studies, for six decades. Conducted studies, previous years revealed different shadow 

economy size, based on various estimation methods. Initially, researchers used Currency 

Demand Approach (Vavouras et al., 1990; Negreponti-Delivani, 1991; Tatsos et al., 2001; 

Schneider and Enste, 2000) with average size of 24.38% for the period 1958 – 1997. In the 

following years, the mostly used method is MIMIC model (Dell‟ Anno et al., 2007; Buehn 

and Schneider, 2012; Schneider, Buehn, 2012, Schneider, 2015, 2018, 2019, Reimers et al., 

2020) with size ranged from 22.4% to 29%, over the period 1968-2019. In few studies 

(Pavlopoulos, 1987; Dellas et al., 2017; Kanellopoulos et al., 1995; Manolas and Vavouras, 

2001; Schneider, 2004; Medina and Schneider, 2017, Alarcon-Garcia et al. 2020, Szulc-

Obloza, 2020; Remeikiene et al., 2019; Remeikiene et al., 2014) was found an increase 

average size up to 34,95%. Most likely this is due to many different study periods and 

Greek‟s case determinants. Public services have a lack of credible data causing a false 

shadow economy estimation such as misregistration of unemployed individuals. Analyzing 

Greece‟s shadow economy causes using MIMIC model, we found 14 causes. Most of them 

SOTRA, SELF and PSERV have a total positive effect on shadow economy size. As far as 4 

indicators, the highest impact on shadow economy‟s size had ENER and LPR.  

  Our research provides policy implications for shadow economy prevention, management 

and combating strategies. First, tax system is one of shadow economy most important driving 

forces. To prevent shad ow economic activities, the government should try to lighten the tax 

burden and at the same time, lessen residents‟ awareness of taxation through tax system 

simplification, as happens in US and Australian economy. Also, expanding the proportion of 

direct tax in total tax revenue is crucial for achieving effective tax regulation, which is 

conducive to preventing shadow economic activity. Second, the government should also try 

to improve institutions quality and public services, strengthening the rule of law and reducing 

corruption to provide an excellent environment for official economy development. Thirdly, 

public authorities should develop practices tax morale improvement through education and 

awareness raising campaigns on the benefit on a legal basis operating. Also, government 

should adopt a strategy against unemployment, multiply official agricultural employment in 

order to increase regional growth and simplify labor and tax laws for the self-employed in 

order eliminate tax evasion. Furthermore, cash usage must be disincentivized and the use of 

debit and credit cards promoted. Additionally, a new digital system should be created in order 

to detect the offenders before the illegal action combining with stricter Penal Code‟s 

sanctions, with no suspensive character so as offenders to be punished.  Regarding the above, 
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public authorities must apply internal audit (Rodosthenous et al., 2016) and risk management 

(Stiglitz, Pieth, 2016) practices in order to eliminate shadow economic activities. 

  In sum, this paper has provided an estimation of the shadow economy. The flexible method 

adopted here allows special characteristics of the Greek economy to be taken into account. 

Given the size of the shadow economy identified, the need for action is revealed. Here, the 

determinants that need to be tackled have been identified. If this stimulates government 

action, then the intention of this paper will have been fulfilled.     

 

 

 
References 

 

Affandi, H and Malik. Q.A. 2020. Shadow Economy, outreach of financial inclusion: A study of 

Balkan countries, International Transaction Journal of Engineering, Management, & Applied 

Sciences & Technologies, Paper ID: 11A01R, 1-11.  

Afonso, O., Neves, P.C and Pinto T., 2020. The non-observed economy & economic growth: A meta-

analysis, Economic Systems, 44 (1), 1-44.  

Aigner, D.L., Schneider, F and Ghosh, D., 1988. Chapter 14 „Me & My Shadow: Estimating the Size 

of the US Underground Economy from Time Series Data‟, Part IV „Applications‟, in Barnett, W., 

Berndt, E.R and White H., (eds), Dynamic Econometric Modelling. Proceedings of the 3rd 

International Symposium in Economic Theory & Econometrics, Cambridge University Press, pp. 

297-334.  

Alanon, A and Gomez-Antonio, M., 2005. Estimating the Size of the Shadow Economy in Spain: A 

Structural Model with latent variables, Applied Economics, 37 (9), 1011-1025. 

Alarcon-Garcia, G., Azorin, J.D.B and De La Vega, M.D.M.S. 2020. Shadow Economy & national 

culture: A spatial approach, Review of Public Economics, 232 (1), 53-74. 

Allingham, M.G and Sandmo, A., 1972. Income tax evasion: A theoretical analysis, Journal of Public 

Economics (1), 323-338. 

Almenar, V., Sanchez, J.L and Sapena, J., 2020. Measuring the shadow economy & its drivers: The 

case of peripheral EMU countries, Economic Research – Ekonomska Istrazivanja, 33 (1), 2904 – 

2918.  

Angel-Urdinola, D.F and Tanabe, K., 2012. Micro-Determinants of Informal Employment in the 

Middle East & North Africa Region, Discussion Paper No. 1201, The World Bank, Washington 

DC, USA.  

Angour, N and Nmili, M., 2019. Estimating shadow economy & tax evasion: Evidence from 

Morocco, International Journal of Economics & Finance, 11 (5), 7-20. 

Arsic, M., Arandarenko, M., Radulovic, B., Randelovic, S and Jankovic, I., 2015. Chapter 4 „Causes 

of the shadow economy‟, in Krstic, G., and Schneider, F., (eds), Formalizing the Shadow 

Economy in Serbia. Policy Measures & Growth Effects, Springer Open, pp. 21-46.  

Avraam, S and Popova, D., 2020. Do Welfare State Taxes & Transfers reduce gender income 

inequality? Evidence from eight European countries, Working Paper No. 09, EUROMOD.  

Awad, I.M and Alazzeh, W., 2020. Using currency demand to estimate the Palestine underground 

economy: An econometric analysis, Palgrave Communications, 6 (1), 1-11.  

Bajada, C and Schneider, F., 2009. Unemployment & the shadow economy in the OECD, Revue 

Economique, 60 (5), 1033-1067.  

Berdiev, A.N and Saunoris, J.W., 2019. On the relationship between income inequality & the shadow 

economy, Eastern Economics Journal, 45 (2), 224-249.  

Berdiev, A.N and Saunoris, J.W., 2020. Driven underground by (mis)trust?, Applied Economics 

Letters, 27 (4), 286-290.   

Berdiev, A.N., Saunoris, J.W and Schneider, F., 2020. Poverty & the shadow economy: The role of 

governmental institutions, The World Economy, 43 (4), 921-947.  

39

P. Koufopoulou et al., SPOUDAI Journal, Vol. 71 (2021), Issue 3-4, pp. 23-47.



Berger, W., Pickhardt, M., Pitsoulis, A., Prinz, A and Sarda, J., 2014. The hard shadow of the Greek 

economy: New estimates of the size of the underground economy & its fiscal impact, Applied 

Economics, 46 (18), 2190-2204.  

Berritella, M., 2015. The effect of public education expenditure on shadow economy: A cross-country 

analysis, International Economic Journal, 29 (4), 527-546.  

Boeke, J.H., 1953. Economics & Economic Policy of Dual Societies as exemplified by Indonesia, 

International Secretariat, Institute of Pacific Relations, New York, USA. 

BoG, 2016. Governors‟ Annual Report for the Year 2015, BoG, Athens (in Greek).  

Boitano-Castro, G.R and Aranda, D.A., 2019. The informal economy & its impact on tax revenues & 

economic growth. Analysis of OCDE members & Latin America countries (1995-2016), Revista 

de Ciencias de la Gestion (4), 128-157.  

Bollen, K.A., 1989. Structural Equation with Latent Variables, Wiley Publishing Co., New York. 

Bosch, M and Maloney, W., 2010. Comparative analysis of labor market dynamics using Markov 

processes: An application to informality, Labor Economics, 17 (4), 621-631.   

Bracci, A., Nadini, M., Aliapoulios, M., McCoy, D., Gray, I., Teytelboym, A., Gallo, A and 

Baronchelli, A., 2020. The COVID-19 online shadow economy, SSRN Paper.  

Buehn, A and Farzanegan, M.R., 2013. Impact of education on the shadow economy: Institutions 

matter, Economics Bulletin, 33 (3), 2052-2063.  

Buehn, A and Schneider, F., 2012. Shadow economies around the world: Novel insights, accepted 

knowledge & new estimates, International Tax & Public Finance, 19 (1), 139-171.  

Buehn, A and Schneider, F., 2013. Shadow Economies in highly developed OECD countries: What 

are the driving forces?, Working Paper No. 1317, Department of Economics, Johannes Kepler 

University of Linz, Austria. 

Bunescu, I and Comaniciu, C., 2011. Romanian taxpayers‟ inclination to tax cheating, Studies in 

Business & Economics, 6 (1), 19-29.  

Canh, P.N., Schinckus, C and Thanh, S.D., 2021. What are the drivers of shadow economy? A further 

evidence of economic integration & institutional quality, The Journal of International Trade & 

Economic Development, 30 (1), 47-67.  

Cassar, A., 2001. An Index of the underground economy in Malta, Bank of Valletta Review, 23 (2), 

44-62. 

Castro, G.A and Ramirez, D.B., 2014. Determinants of tax revenue in OECD countries over the 

period 2001-2011, Contaduria y Administracion, 59 (3), 35-59.  

Chan, H.F., Dulleck, U., Fooken. J., Moy, N and Torgler, B., 2021. Cash & the Hidden Economy: 

Laboratory & Artefactual Field Experimental Evidence on Fighting Tax Evasion in Small 

Business Transactions, SSRN Paper.  

Chen, M., Schneider, F and Sun, Q., 2020. Measuring the size of the shadow economy in provinces of 

China over 1995-2016: The MIMIC approach, Pacific Economic Review, 25 (3), 427-453.  

Conroy, J.D., 2013. The Idea of Rural Informal Economy, Research Paper No. 30, Crawford School, 

Australian National University.  

Danopoulos, C.P and Znidaric, B., 2007. Informal economy, tax evasion & poverty in a democratic 

setting: Greece, Mediterranean Quarterly, 18 (2), 67-85.  

Davidescu, A.A.M and Schneider, F., 2019. Shedding light on the driving forces of the Romanian 

Shadow Economy: An empirical investigation based on the MIMIC Approach, in Ratten, V., 

Jones, P., Braga, V., and Marques, C.S. (eds), Sustainable Entrepreneurship. The role of 

collaboration in the Global Economy, Springer Publishing Ltd, pp. 87-110. 

Dell‟ Anno, R., 2003. Estimating the Shadow Economy in Italy: A Structural Equation Approach, 

Working Paper No. 07, Department of Economics, School of Economics & Management, 

University of Aarhus, Denmark. 

Dell‟ Anno, R., 2008. What is the relationship between Unofficial and Official Economy? An analysis 

in Latin American Countries, Working Paper No. 23, Dipartimento di Scienze Economiche, 

Matematiche e Statistiche Università degli Studi di Foggia, Italy.  

Dell‟ Anno, R., Gomez-Antonio, M and Pardo, A., 2007. The shadow economy in three 

Mediterranean countries: France, Spain & Greece. A MIMIC approach, Empirical Economics, 33 

(1), 51-84.  

40

P. Koufopoulou et al., SPOUDAI Journal, Vol. 71 (2021), Issue 3-4, pp. 23-47.



Dell‟ Anno, R and Dollery, B.E., 2014. Comparative fiscal illusion: A fiscal illusion index for the 

European Union, Empirical Economics, 46 (3), 937-960.  

Dell‟ Anno, R and Mourao, P. 2012. Fiscal illusion around the world: An analysis using the structural 

equation approach, Public Finance Review, 40 (2), 270-299.   

Dellas, H., Malliaropulos, D., Papageorgiou, D and Vourvachaki, E., 2017. Fiscal Policy with an 

Informal Sector, Working Paper No. 235, Bank of Greece, Athens.  

Dobre, I and Alexandru, A.A.M., 2009. The Impact of Unemployment Rate on the Dimension of 

Shadow Economy in Spain: A Structural Equation Approach, European Research Studies, XII 

(4), 179-197. 

Dobre, I., Alexandru, A.A.M and Lepas, O., 2010. The USA shadow economy & the unemployment 

rate: Granger Causality results, Journal of Applied Quantitative Methods, 5 (1), 98-104.  

Dybka, P., Olesinski, B., Rozkrut, M and Toroj, A. 2020. Measuring the uncertainty of shadow 

economy using Bayesian & frequentist model averaging, Working Paper No. 046, Collegium of 

Economic Analysis.  

Easton, S and Veldhuis, N., 2001. The Size of the Underground Economy: A Review of the 

Estimates, Simon Fraser University.  

Ela, M., 2013. An assessment on the relationship between informal economy & educational level in 

Turkey, International Journal of Economics & Financial Issues, 3 (4), 910-922.  

Elgin, C and Elveren, A.Y., 2019. Informality, Inequality & Feminization of Labor, Working Paper 

No. 483, Political Economy Research Institute, Massachusetts, USA.  

Elgin, C and Oztunali, O., 2012. Shadow Economies around the World: Model based estimates, 

Working Paper No. 5, Department of Economics, Bogazici University.  

Elijah, O.A and Uffort, L., 2007. Comparative Analysis of the relationship between poverty & 

Underground Economy in the highly developed, transition & developing countries, MPRA Paper 

No. 2054.  

Esselink, H and Hernandez, L., 2017. The Use of Cash by Households in the Euro Area, Occasional 

Paper No. 201, ECB. 

European Commission, 2001. European Governance: A White Paper, COM (2001) 428 final, 

Brussels. 

European Commission, 2016. An Economic Take of the Refugee Crisis. A macroeconomic 

assessment for the EU, Institutional Paper No. 033, European Commission. 

Fedajev, A and Arsic, M., 2017. Drivers of shadow economy in transition countries during the post-

crisis period: The results of structural model (p. 18-34), FIKUSZ'17 Proceedings 19. 

FEIR, 2012. Undeclared work concept & its characteristics, FEIR, Athens (in Greek).  

Feld, L.P and Schneider, F., 2010. Survey on the shadow economy & undeclared earnings in OECD 

countries, German Economic Review, 11 (2), 109-149.   

Foged, M and Peri, G., 2016. Immigrants‟ effect on native-workers: New analysis on longitudinal 

data, American Economic Journal: Applied Economics, 8 (2), 1-34.  

Frey, B.S and Weck, H.H., 1983. What produces a hidden economy? An international cross-section 

analysis, Southern Economic Journal, 49 (3), 822-832.  

Frey, B.S and Weck, H.H., 1984. The hidden economy as an „unobserved‟ variable, European 

Economic Review, 26 (1-2), 33-53. 

Friedman, E., Johnson, S., Kaufmann, D and Zoido-Lobaton, P., 2000. Dodging the grabbing hand: 

The determinants of unofficial activity in 69 countries, Journal of Public Economics, 76 (3), 459-

493.  

Gasteratos, I., Karamalis, M and Koutoupis, A., 2016. Shadow economy worsens income distribution, 

International Journal of Economics & Business Administration, 4 (3), 80-92. 

Gauci, T.M and Rapa, N. 2020. An analysis of the shadow economy in Malta: A Currency Demand & 

MIMIC model approach, Working Paper No. 02, Central Bank of Malta, Valletta.  

Gërxhani, K and Van de Werfhorst, H.G., 2013. The effect of education on Informal Sector 

participation in a Post-Communist country, European Sociological Review, 29 (3), 464-476.  

Giannopoulou, I and Tsobanoglou, G.O., 2020. COVID-19 pandemic: Challenges & opportunities for 

the Greek health care system, Irish Journal of Psychology Medicine, 37 (3), 226-230. 

Giles, D.E.A., 1998. The Underground Economy: Minimizing the Size of Government, Department of 

Economics, University of Victoria, Australia.  

41

P. Koufopoulou et al., SPOUDAI Journal, Vol. 71 (2021), Issue 3-4, pp. 23-47.



Giles, D.E.A., 1999. Measuring the hidden economy: Implications for Econometric Modelling, The 

Economic Journal, 109 (456), 370-380.  

Giles, D.E.A and Tedds, L.M., 2002. Taxes & the Canadian Hidden Economy, Canada Tax 

Foundation, Toronto, Canada. 

Giles, D.E.A., Werkneh, G.R and Johnson, B.J., 1999. Asymmetric Responses of the Underground 

Economy to Tax Changes: Evidence from New Zealand Data, Econometrics Working Paper 

EWP 9911. 

Gonzalez-Fernandez, M and Gonzalez-Velasco, C., 2014. Shadow economy, corruption & public debt 

in Spain, Journal of Policy Modeling (36), 1101-1117.   

Granger, C.W.J., 1969. Investigating causal relations by econometric models & cross – spectral 

methods, Econometrica, 37 (3), 424-438.   

Guloglu, T., Korkmaz, A and Kip, M., 2003. Türkiye‟de Kayıtdışı İstihdam Gerçeğine Bir Bakış, 

Sosyal Siyaset Konferansları Dergisi, 45 (1) (Fact at a Glance Informal Employment in Turkey), 

51-96.  

Gwartney, J., Lawson, R., Hall, J., Murphy, R., Berggen, N., McMahon, F and Nilsson, T., 2020. 

Economic Freedom of the World. 2020 Annual Report, Fraser Institute, USA.  

Hajilee, M., Stringer, D.Y and Metghalchi, M., 2017. Financial market inclusion, shadow economy & 

economic growth: New evidence from emerging economies, The Quarterly Review of 

Economics & Finance (66), 149-158.  

Hassan, K.M., 2011. The Shadow Economy of Bangladesh: Size, Estimation & Policy Implications, 

Transparency International Bangladesh.  

Hassan, M and Schneider, F., 2016. Modelling the Egyptian Shadow Economy: A Currency Demand 

& A MIMIC Model Approach, Journal of Economics & Political Economy, 3 (2), 309-339. 

Hayat, R and Rashid, A., 2020. Exploring legal & political – institutional determinants of the informal 

economy of Pakistan, Cogent Economics & Finance, 8 (1), 1-17.  

Helberger, C and Knepel, H., 1988. How big is the shadow economy? A re-analysis of the 

unobserved-variable approach of B.S. Frey & H. Weck-Hannemann, European Economic 

Review, 32 (4), 965-976.  

ILO, 2020. COVID-19 crisis & the Informal Economy. Immediate Responses & Policy Challenges, 

Brief, ILO, Geneva. 

Johnson, S., Kaufmann, D and Zoido-Lobaton, P., 1998. Regulatory discretion & the unofficial 

economy, American Economic Review Paper & Proceedings, 88 (2), 387-392. 

Joreskog, K.G and Goldberger, A.S., 1975. Estimation of a Model with Multiple Indicators & 

Multiple Causes of a Single Latent Variable, Journal of the American Statistical Association, 70 

(351), 631-639.  

Kanellopoulos, K.N., 2002. Anonymous Companies Tax Evasion: Listed on the Athens Stock 

Exchange estimations, Study No. 75, CPER, Athens (in Greek).  

Kanellopoulos, K.N., 2015. Recent evolutions in poverty & social exclusion, Economic Evolutions 

(26), CPER, Athens (in Greek), 36-40.  

Kanellopoulos, K.N., Kousoulakos, I., Rapanos, V., Kotsis, K and Makropoulos, A., 1995. Shadow 

Economy & Tax Evasion: Measurements & Economic Consequences, Study No. 15, Center of 

Planning & Economic Research, Athens (in Greek).  

Kar, S and Saha, S., 2012. Corruption, Shadow Economy & Income Inequality: Evidence from Asia, 

IZA Discussion Paper No. 7106.  

Kasimati, E and Panagiotopoulou, P., 2018. Migration & refugees flows in Greece over the period 

2015 – 2017: A descriptive register, Economic Evolutions, CEPR, Athens (in Greek), 95-116.  

Kastlunger, B., Lozza, E., Kirchler, E and Schabmann, A., 2013. Power authorities & trusting 

citizens: The Slippery Slope Framework & tax compliance in Italy, Journal of Economic 

Psychology (34), 36-45. 

Katsikas, D and Bazoti, P., 2021. Chapter 8 „Managing the Crisis in Greece: The missing link 

between external conditionality & domestic political economy‟, Part III „Impact of the Crisis in 

Europe & Latin America: National Level‟, in Guilherme, B.S., Ghymers, C., Griffth-Jones, S., 

and Hoffman, A.R., (eds), Financial Crisis Management & Democracy Lessons from Europe 

& Latin America, Springer Publishing, pp. 145-160. 

42

P. Koufopoulou et al., SPOUDAI Journal, Vol. 71 (2021), Issue 3-4, pp. 23-47.



Kaufmann, D., Kraay, A and Zoido-Lobaton, P., 2002. Governance Matters II: Updated Indicators for 

2000-2001, Policy Research Working Paper No. 2772, World Bank, Washington DC, USA.  

Kdiladze, D and Metreveli, S. 2016. The shadow economy in retreating: An example of Georgia, 

Ekonomika, 95 (2), 108-117.  

Kelmanson, B., Kirabaeva, K., Medina, L., Mircheva, B and Weiss, J., 2019. Explaining the Shadow 

Economy in Europe: Size, Causes & Policy Options, Working Paper No. 278, Washington DC, 

USA.  

Kemal, A.M., 2007. A Fresh Assessment of the Underground Economy & Tax Evasion in Pakistan: 

Causes, Consequences & Linkages with the Formal Economy, MPRA Paper No. 2226.  

Keneck-Massil, J and Noah, A., 2019. Shadow Economy & educational systems in Africa, Economics 

Bulletin, 39 (2).  

Kodila-Tedika, O and Mutascu, M., 2014. Tax Revenues & Intelligence: A Cross-Sectional Evidence, 

MPRA Paper No. 57581.  

Koufopoulou, P., Williams, C.C., Vozikis, A and Souliotis, K., 2019. Shadow Economy: Definitions, 

terms & theoretical considerations, Advances in Management & Applied Economics, 9 (5), 35-

57. 

Kousi, T., Mitsi, L.C and Simos, J., 2021. The early stage of COVID-19 outbreak in Greece: A review 

of the National Response & the socioeconomic impact, International Journal of Environmental 

Research & Public Health, 18 (1), 1-22.  

Koyuncu, J.Y and Unal, H.S., 2019. The Effect of Legal System & Protection of Property Rights on 

the Size of the Tax Evasion: Panel Analysis, Social Sciences Research Journal, 8 (2), 153-165. 

Kuznetsova, N.V and Kuznetsova, V.E., 2015. Shadow Economy as a Self-Adjustment of Poverty & a 

Signal from Invisible Hand, Asian Social Science, 11 (5), 1-8. 

Lewis, A.W., 1954. Economic development with unlimited supplies of labour, The Manchester 

School, 22 (2), 139-191.  

Lui-Evans, G and Mitra, S., 2019. Informality & Bank Stability, Working Paper No. #201903, 

Management School, University of Liverpool, UK.  

Manolas, G., Rontos, K., Sfakianakis, G and Vavouras, I., 2013a. The determinants of the shadow 

economy: The case of Greece, International Journal of Criminology & Sociological Theory, 6 

(1), 1036-1047.  

Manolas, G., Sfakianakis, G and Vavouras, I., 2013b. Tackling the debt crisis in Greece: The role of 

the underground economy, Social Cohesion & Development, 8 (1), 25-35.  

Manolas G., Vavouras I. (2001): The hidden economy & the convergence path towards EMU (p. 89-

106), Cyprus Journal of Science & Technology, 3 (2).  

Mansour, A.M.A.E.A and Zaki, I.M. 2020. Egyptian Macroeconomic status with reference to the 

shadow economy during the period 1991-2018, Open Access Library Journal, 7, 1-30.  

Mare, M., Motroni, A and Porcelli, F., 2020. How family ties affect underground, tax morale & trust, 

Journal of Economic Behavior & Organization (174), 235-252.  

Mariolis, T., Rodousakis, N and Soklis, G., 2021.Inter-sectoral analysis of the Greek economy & the 

COVID-19 multiplier effects, European Politics & Society, DOI: 

10.1080/23745118.2021.1895555, 1-12.  

Marmora, P and Brenden, M.J., 2021. Does the shadow economy mitigate the effect of cashless 

payment technology on currency demand? Dynamic panel evidence, Applied Economics, 53 (6), 

703-718.  

Matsaganis, M and Leventi C., 2011. The distributional impact of the crisis in Greece, Working Paper 

No. EM3/11, EUROMOD.  

Mazhar, U., 2015. Does regulatory discretion increase the unofficial economy? Evidence from Panel 

Data, Acta Oeconomica, 65 (1), 129-141. 

Medina, L and Schneider, F., 2017. Shadow Economies around the World: New results for 158 

countries over 1991-2015, CESifo Working Paper No. 6430, Category 1: Public Finance.  

Medina, L and Schneider, F., 2018. Shadow Economies around the World: What did we learn over the 

last 20 years?, Working Paper No. 17, IMF, Washington DC, USA. 

Medina, L and Schneider, F., 2019. Shedding Light on the Shadow Economy: A Global Database & 

the Interaction with the Official One, Working Paper No. 7981, CESifo.  

43

P. Koufopoulou et al., SPOUDAI Journal, Vol. 71 (2021), Issue 3-4, pp. 23-47.



Mitrakos, T., 2014. Inequality, Poverty & Social Welfare in Greece: Distributional Effects of 

Austerity, Working Paper No. 174, BoG, Athens, Greece.  

Mitrakos, T and Tsakloglou, P., 2012. Inequality, poverty & material prosperity: From political 

changeover to current crisis, in BoG, (ed), Social Policy & Social Cohesion in Greece is crisis 

era, BoG, Athens (in Greek), pp. 23-64.  

Mueller, R.O., 1996. Basic Principles of Structural Equation Modeling. An Introduction to LISREL & 

EQS, Springer Publishing Ltd. 

Murphy, R., 2019. The European Tax Gap, Report for the Socialists & Democrats Group in the 

European Parliament, Tax Research UK.  

Narula, R., 2020. Policy opportunities & challenges from the COVID-19 pandemic for economies 

with large informal sectors, Journal of International Business Policy (3), 302-310.  

Negreponti-Delivani, M., 1991. Economy of Shadow Economy in Greece, PAPAZISI Publications, 

Athens (in Greek). 

Nguyen, C.P., Schinckus, C and Thanh, D.S. 2020. Economic Fluctuations & the shadow economy: A 

Global Study, Global Economy Journal, 20 (03), 1-24.  

Nguyen, T.M.H., Nguyen, T.H.G., Vu, T.M.N and Nguyen, V.D., 2013. Whether or no the informal 

economy as an engine for poverty alleviation in Vietnam, MPRA Paper No. 48378.  

North, D.C., 1991. Institutions, Journal of Economic Perspectives, 5 (1), 97-112.  

Novkovska, B and Novkovski, N., 2018. Energy consumption & hidden economy in Macedonia: 

Causes & consequences, Journal of Policy Modeling, 40 (1), 166-181.  

Ocran, M.K., 2018. Estimating the Size & Trends of the Informal Economy in Ghana, Research Paper 

No. 355, African Economic Research Consortium, Nairobi, Kenya.  

OECD, 2020. How‟s Life? Measuring Well Being, OECD, Paris.  

Owusu–Nantwi, V and Owusu–Nantwi, G. 2021. Public debt, corruption and shadow economy in 

Africa: An empirical analysis, Journal of Economic & Administrative Sciences, DOI: 

10.1108/JEAS-08-2020-0150.  

Palaiologos, I and Kassar, G., 2003. Shadow economy size estimation in Greece 1960-2000, 

SPOUDAI, 53 (3) (in Greek), 14-36.  

Paternoster, R., 2010. How much do we really know about criminal deterrence?, The Journal of 

Criminal Law & Criminology, 100 (3), 765 – 824.  

Patrick, C.M and Akanbi, O.A., 2017. The impact of informal economy on the interest rate pass-

through: Evidence from an ARDL model, African Journal of Economy Review, V (II), 130-148.  

Pavlopoulos, P.G., 1987. Shadow Economy in Greece. First quantitative demarcation, Foundation for 

Economic & Industrial Research, Athens (in Greek).  

Pavlopoulos, P.G., 2002. Shadow Economy in Greece. Review, Research Institute for Tourism, 

Athens (in Greek).  

Pedersen, S., 2003. The Shadow Economy in Germany, Great Britain & Scandinavia. A measurement 

based on questionnaire surveys, Study No. 10, The Rockwool Foundation, Research Unit, 

Copenhagen. Denmark.  

Peppou, L.E., Economou, M., Skali, T and Papageorgiou, C., 2020. From economic crisis to the 

COVID-19 pandemic crisis: Evidence from a mental health helpline in Greece, European 

Archives of Psychiatry & Clinical Neuroscience volume (271), 407-409.  

Petrakis, P., 2012. The Greek Economy & the Crisis. Challenges & Responses, Springer Publishing.  

Pissarides, C., Vagianos, D., Vettas, N., Meghir, K., Andreou, K., Arkolakis, K., Galenianos, M., 

Gkenakos, C., Danchev, S., Doxiades, A., Karamouzis, N., Kountouri, P., Kritikos, A., Nikolitsa, 

D., Spinellis, D and Tsakloglou, P., 2020. Greek Economy Growth Plan (Final Report), Greek 

Government, Athens, Greece (in Greek).  

Reimers, H.G., Schneider, F and Seitz F. 2020. Payment Innovations, the Shadow Economy & Cash 

Demand of Households in Euro Area countries, Working Paper No. 8574, CESifo.   

Remeikiene, R., Gaspareniene, L., Chadysas, V and Cepel, M., 2019. Identification of the shadow 

economy determinants for the eurozone member states: Application of the MIMIC Model, 

Journal of Business Economics & Management, 19 (6), 777-796.   

Remeikiene, R., Gaspareniene, L and Kartasova, J., 2014. Country-level determinants of the Shadow 

Economy during 2005-2013: The Case of Greece, Mediterranean Journal of Social Sciences, 5 

(13), 454-460.  

44

P. Koufopoulou et al., SPOUDAI Journal, Vol. 71 (2021), Issue 3-4, pp. 23-47.

https://link.springer.com/journal/406
https://link.springer.com/journal/406


Rocque, M., Saunoris, J.W and Marshall, R.C., 2019. Revisiting the relationship between the 

economy & crime: The role of the shadow economy, Justice Quarterly, 36 (4), 620-655.  

Rodosthenous, M., Goumas, S and Gasteratos I. (2016): The adoption of International Financial 

Reporting Standards (IFRS) & Internationals Standards of Auditing (ISA) is required to fight 

shadow economy repercussions, Archives of Economic History, XXVIII (1), 77-93.   

Russo, F.F., 2018. Informality: The doorstep of the legal system, Open Economics, 1 (1), 49-70.  

Schneider, F., 2000. The Increase of the Size of the Shadow Economy of 18 OECD countries: Some 

preliminary explanations, Working Paper No. 0008, Department of Economics, Johannes Kepler 

University of Linz, Austria.  

Schneider F. (2004): Shadow Economies around the World: What do we really know?, Discussion 

Paper No. 16, Institut Fur Angewandte Wirtschaftsforschung.  

Schneider, F., 2009. Size & development of the shadow economy in Germany, Austria & other OECD 

countries, Revue Economique, 60 (5), 1079-1116.  

Schneider, F., 2010. The influence of public institutions on the shadow economy: An empirical 

investigation for OECD countries, Review of Law & Economics, 6 (3), 441-468.   

Schneider, F., 2015. Size & development of the shadow economy of 31 European & 5 other OECD 

countries from 2003 to 2015: Different developments, Journal of Self-Governance & 

Management Economics (4), 7-29.  

Schneider, F., 2018. Estimating a Shadow Economy: Results, Methods, Problems & Open Questions, 

Open Economics, 1 (1), 1-29.   

Schneider, F., 2019. Size of the shadow economics of 28 European Union countries from 2003 to 

2018 (p. 111-121), in Othman A. (Ed.): The European Union. Post Brexit Challenges & 

Prospects for Growth, Palgrave McMillan.  

Schneider, F and AT Kearney, 2013. The Shadow Economy in Europe 2013, AT Kearney/VISA.  

Schneider, F and Buehn, A., 2012. Shadow Economies in Highly Developed OECD countries: What 

are the driving forces?, IZA Discussion Paper No. 6891.  

Schneider, F and Buehn, A., 2018. Shadow economy: Estimation methods, problems, results & open 

questions, Open Economics, 1 (1), 1-29.  

Schneider, F., Buehn, A and Montenegro, C.E., 2010. New estimates for the shadow economies all 

over the world, International Economic Journal, 24 (4), 443-461. 

Schneider, F and Enste, D., 2000. Shadow Economies around the World: Size, Causes & 

Consequences, Working Paper No. 26, Fiscal Affairs Department, IMF, Washington DC, USA. 

Schneider, F and Hametner, B., 2014. The shadow economy in Colombia: Size & effects on economic 

growth, Peace, Economics, Peace Science & Public Policy, 20 (2), 293-325.   

Schneider, F., Morkunas, M and Quendler, E., 2021. Measuring the Immeasurable: The Evolution of 

the Size of Informal Economy in the Agricultural Sector in the EU-15 up to 2019, Working Paper 

No. 8937, CESifo.  

Schneider, F and Neck, R., 1993. The development of the shadow economy under changing tax 

systems & structures: Some theoretical & empirical results, Public Finance Analysis, 50 (3), 344-

369.  

Schneider, F and Savasan, F., 2007. Dymimic Estimates of the Size of Shadow Economies of Turkey 

& of her neighbouring countries, International Research Journal of Finance & Economics (9), 

126-143.  

Schneider, F and Williams, C.C., 2013. The Shadow Economy, The Institute of Economic Affairs, 

London, UK. 

Smith, P., 1994. Assessing the Size of the Underground Economy: the Statistics Canada Perspective, 

Research Paper No. 13-604-MIB No. 28, Ottawa, Canada.  

Stefoni, S.E and Draghia, A., 2020. Impact of education & government effectiveness on the shadow 

economy, Theoretical & Applied Economics, 3 (624), 75-P84.  

Stiglitz, J and Pieth, M. 2016. Overcoming the shadow economy, Friedrich Ebert Stiftung, Germany.  

Stock, J.H., 2001a. Forecasting Economic Time Series, in Baltagi, B.H. (ed), A Companion in 

Theoretical Econometrics, Wiley-Blackwell Publishing, pp.  562-584.  

Stock, J.H. 2001b. Time Series: Economic Forecasting, in International Encyclopedia of the Social & 

Behavioral Sciences, Elsevier Science Ltd, pp. 15721-15724.  

45

P. Koufopoulou et al., SPOUDAI Journal, Vol. 71 (2021), Issue 3-4, pp. 23-47.



Suslov, N and Ageeva, S., 2009. Influence of Energy Prices on the Size of Shadow Economy: A 

Cross Country Analysis, Working Paper No. 09/05E, Economics Education & Research 

Consortium.  

Szulc-Obloza, A. 2020. Wage regulations & shadow economy in 28 European countries, Economics 

& Law, 19 (4), 789-800.  

Tanzi, V., 2002. The Shadow Economy, Its Causes and Its Consequences (p. 1-16), International 

Seminar on the Shadow Economy Index in Brazil, Brazilian Institute of Ethics in Competition, 

Rio de Janeiro. 

Tatsos, N., Christopoulos, I., Tragakes, A., Manikas, V and Gkanos, I., 2001. Shadow Economy & 

Tax Evasion in Greece, Foundation for Economic & Industrial Research, Athens (in Greek). 

Thomas, J.J., 1992. Informal Economic Activity, Harvester Wheatsheaf, New York/London. 

Toder, E., 2007. What is the tax gap?, Tax Notes, 117 (4), 367-378.   

Torgler, B., 2007. Tax Compliance & Tax Morale: A Theoretical & Empirical Analysis, Edward 

Elgar, Cheltenham, UK.  

Torgler, B., 2012. Tax morale, Eastern Europe & European enlargement, Communist & Post–

Communists Studies, 45 (1-2), 11-25.  

Ulus, M., 2002. Unemployment Insurance & Underground Economy, Theme 17: Macroeconomics of 

Unemployment, Session 1: Unemployment, Taxes & Unemployment Insurance, Room: 216b, 

European Association of Labour Economists Conference, Paris, 19
th
-21

st
 September 2002, pp. 1-

30.  

Vassiliades, M., Maniatis, G., Moustakas, A., Demian, E., Papadakis, M., Pavlou, G., Stavraki, S., 

Danchev, S and Vettas, N., 2018 Income Tax in Greece: Comparative Analysis & Reform 

Proposals, FEIR, Dianeosis/Athens (in Greek).  

Vavouras, I.S., Karavitis, N.H. and Tsouchou, A.K., 1990. An indirect estimation method & shadow 

economy‟s size in Greece‟s case, in Vavouras, I.S., (ed), Shadow Economy, Political Economy 

Issues, Special Edition, KRITIKI Publications, Athens (in Greek), pp. 367-379.  

Vavouras, I.S and Manolas, G.A., 1999. Shadow Economy: Extent & Impact on Greek economy 

procedure towards EMU, Study Papers No. 35, Department of Public Administration, Panteion 

University of Social & Political Studies, Athens (in Greek).  

Vuletin, G., 2008. Measuring the Informal Economy in Latin America & the Caribbean, Working 

Paper No. 08/102, Western Hemisphere Department, IMF, Washington DC, USA.  

Wedderburn, C., Chiang, P and Rhodd, R., 2012. The informal economy in Jamaica: Is it feasible to 

tax this sector?, Journal of International Business & Cultural Studies (6), 1-13.  

Williams, C.C., 2018. Tackling Undeclared Work in the Agricultural Sector: With a focus upon 

seasonal workers & horticulture, Background Paper for the European Platform Tackling 

Undeclared Work Seminar.  

Williams, C.C., Nadin, S and Windebank, J., 2012. Evaluating the prevalence & nature of self – 

employment in the informal economy: Evidence from a 27 National European Survey, European 

Spatial Research & Policy, 19 (1), 129-142.   

Wiseman, T., 2013. US shadow economies: A state-level study, Constitutional Political Economy, 24 

(4), 310-335.  

Yuvali, O and Yildiz-Contuk, F., 2020. The relationship between informal economy & economic 

growth, Theoretical & Applied Studies on Turkish Economy (01), 351-372.   

Zaman, G and Goschin, Z., 2015. Shadow economy & economic growth in Romania. Cons & pros, 

Procedia Economics & Finance (22), 80-87.  

Zellner, A., 1970. Estimation of Regression Relationships containing unobservable independent 

variables, International Economic Review, 11 (3). 441-454.  

Zukauskas, V and Schneider, F., 2016. Micro based results of shadow labour market in the Baltic 

States, Poland, Sweden & Belarus, Taikomoji Ekonomika: Sisteminiai Tyrimai, 10 (2), 117-134.  
 

 

 

 

 

46

P. Koufopoulou et al., SPOUDAI Journal, Vol. 71 (2021), Issue 3-4, pp. 23-47.



Appendix 
 

VARIABLES AND DATA 

 

Table 1: “Definition and sources of variables” 

Variable  Definition  Source  

ΤBUR Tax burden, real tax revenue as a % of real GDP 1 

QUIC 

World Governance Indicators (voice and accountability, political stability 

and absence of violence/terrorism, government effectiveness, control of 

corruption) 

2 

REG World Governance Indicators (regulatory quality, rule of law) 2 

PSERV Government spending as % to GDP   3 

TMOR Total tax revenue, as % of real GDP  4  

DETT Deterrence, as tax revenue (current LCU) Greece in billion euros 4 

SELF Self-employment, as a % of total employment  4 

UNEMP Unemployment, as a % of total labour participation  5 

EMPA Employment in agricultural sector as a percentage of total employment  3 

CASH 
Number of cards with a cash function - issued by resident PSPs – from 

Greece 
6 

MIGR Migration flows, as inflows of asylum seekers by nationality  1 

EDU Education, as Gross Domestic Spending on R&D (% of GDP) 1 

SOTRA Social transfers, as family benefits (% of GDP)  1 

EPID 
Epidemic data, through out of pocket expenditure (% of current health 

expenditure). 
7 

OFF Official economy, as % of Gross Domestic Product (GDP) 8 

ENER Total Energy Consumption, as ktep via Interactive chart   9 

INEUR Income inequality via Gini Index. 10 

LPR 
Labour participation rate, as a % from the ratio of people participating in 

the economy divided by the number of people of working age. 
3 

Sources: 1. OECD Database. 2. World Bank Database (2000, 2002-2018), Kaufmann et al. (2002): Governance Matters II: 

Updated Indicators for 2000-2001, Policy Research Working Paper No. 2772, World Bank (2001). 3. Global Economics. 4. 

World Bank Database. 5. Hellenic Statistical Authority. 6. European Central Bank Database. 7. WHO Database. 8. Statista 

(2000-2011), Trading Economics (2012-2018). 9. Enerdata. 10. Eurostat, EU-SILC.  

 

Table 2: “Shadow economy size in Greece, 2000-2018” 
Year  % to GDP 

2000 28,7 

2001 28,2 

2002 28 

2003 28,2 

2004 28,1 

2005 27,6 

2006 26,2 

2007 25,1 

2008 24,3 

2009 25 

2010 25,4 

2011 24,3 

2012 24 

2013 23,6 

2014 23,3 

2015 22,4 

2016 22 

2017 21,5 

2018 20,81 
Sources: Buehn, Schneider (2012), Schneider (2015, 2019). 
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